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Multimodal Unleaming: How can MLLMs forget across image and text?
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Multimodal Unleaming: How can MLLMs forget across image and text?
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Multimodal Unleaming: How can MLLMs forget across image and text?
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Amelia Kuznetsov, born on 1988-05-14,

is an environmental scientist.

Finetune

Finetuned
MLLM

Question Answering
. ) What’s the occupation
H > | of the person?

& The person in the image is (©9

an Environmental Scientist. =~

9 What is the occupation of
Amelia Kuznetsov?

Amelia Kuznetsov is an dgo);
Environmental Scientist. &

Unimodal

Unlearn

Uni-Unlearned
MLLM

Misalignment

between modalities!

Muitimodal

Unlearn

==l

Muiti-Unlearned
MLLM

=UX|(Modality Misalignment): &t
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‘ . What’s the occupation
== @& of the person?
The person in the image is QQP
an Environmental Scientist. ‘s
9 What is the occupation of
Amelia Kuznetsov

° I don’t know. ﬁ@r

\ -~ _J

= Question Answering ==
' What’s the occupation
* of the person? !
° I don’t know. D

% What is the occupation of
Y Amelia Kuznetsov?

Amelia Kuznetsov is an §
Environmental Scientist. ¢

UMU-Bench: Closing the Modality Gap in Muttimodal Unleaming Evaluation, NeurlPS 2025
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Related Works

Multimodal Unleaming: How can MLLMs forget across image and text?
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Multimodal Unleaming: How can MLLMs forget across image and text?
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Modality—Aware Neuron Pruning for Unlearning in MLLMs (Liu et al., ACL 2025)
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Modality—Aware Neuron Pruning for Unleaming in Multimodal Large Language Models (ACL 2025)
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Modality-Aware Neuron Pruning for Unleaming in Multimodal Large Language Models (ACL 2025) o —
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Modality-Aware Neuron Pruning for Unleaming in Multimodal Large Language Models (ACL 2025)
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Modality—Aware Neuron Pruning for Unleaming in Multimodal Large Language Models (ACL 2025)
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B MANU

Modality-Aware Neuron Pruning for Unleaming in Multimodal Large Language Models (ACL 2025)
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Cross—Modal Unlearning via Influential Neuron Path Editing in MLLMs (Li et al., AAAI 2026)
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Cross—Modal Unleaming via Influential Neuron Path Editing in Multimodal Large Language Models (AAAI 2026)
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B MIP-Editor
Cross—Modal Unleaming via Influential Neuron Path Editing in Multimodal Large Language Models (AAAI 2026)
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Cross—Modal Unleaming via Influential Neuron Path Editing in Multimodal Large Language Models (AAAI 2026)
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Towards Reasoning—Preserving Unleaming in Multimodal Large Language Models (CVPR 2026)
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Towards Reasoning—Preserving Unleaming in Multimodal Large Language Models (CVPR 2026)
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Towards Reasoning—Preserving Unleaming in Multimodal Large Language Models (CVPR 2026)
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Multimodal Unleaming: How can MLLMs forget across image and text?
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